2020 4 31y
M 219

ot il {5 B 5T
STUDY ON OPTICAL COMMUNICATIONS

2020. 06
(Sum. No. 219)

doi:10. 13756/j. gtxyj. 2020. 03. 014 FKARBIERAR

(IR 52 % B2 ) DL % 45 8 R A 000 5 3

EN,EEE,ETT
(ZRdpd K @125 6861825 %, TR 400065)

FE . XAESHASHEMMO A4 Y MEREKB WG ARG HNAEGLMNERERIEE TE,LLELH
K, ATHAEAREZI ST RO ALERBR, LFATAAELZZARE —FMAP T EN AR TR > LRk, &
B ME AR K EEARZRRETE RS, FRAFAIHARIN T EEA> LT S . REHH ZAENERN TH
I HEAR S LA E, BASMNEA A HERIMNE AR, ZFREH 10 "N, LFERHGMAR EREN L L5458
EA I EAR R ERATH 1.5 dB AL EHIKT 69.84% ., FALREAM ,EXAHE MIMO 5% F, LR B0 A%
AIET BRI RAIK H R,

KEBRAME LSRN S E; R ;0 LR ;MR EN

FESES TNI29. 5 XHFRERD: A XEHS:1005-8788(2020)03-0069-04

Low Complexity Likelihood-based Search Tree Detection Algorithm
LI Xiao-wen, FAN Yi-fang, HOU Ning-ning
(School of Communication and Information Engineering,

Chongqing University of Posts and Telecommunications, Chongqing 400065, China)

Abstract: In massive Multiple-Input-Multiple-Output (MIMO) system, traditional detection algorithms suffer from more per-
formance loss and higher complexity with increase in the number of antennas. In order to solve the complexity problem., a like-
lihood criterion based on neighborhood search as a branch strategy is proposed. Firstly, the quadratic programing model is con-
structed .and the model is used to search tree as the root. Then, the node with the smallest value of the objective function is
found as the branching node. Finally. the likelihood criterion is applied to the branching nodes for reducing the complexity of
the branch. Specially, when the bit error rate achieves 10™", the performance gain of the proposed algorithm is increased by 1.
5 dB and the complexity of the proposed algorithm is reduced by about 69. 84 percentage points compared with the traditional
search tree algorithm in 16 quadrature amplitude modulation. The simulation results show that the proposed algorithm has bet-
ter error performance and lower complexity.
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